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Ott and Longnecker's AN INTRODUCTION TO STATISTICAL METHODS AND DATA ANALYSIS, 6th Edition, International Edition provides
a broad overview of statistical methods for advanced undergraduate and graduate students from a variety of disciplines who have little or no
prior course work in statistics. The authors teach students to solve problems encountered in research projects, to make decisions based on
data in general settings both within and beyond the university setting, and to become critical readers of statistical analyses in research papers
and in news reports. The first eleven chapters present material typically covered in an introductory statistics course, as well as case studies
and examples that are often encountered in undergraduate capstone courses. The remaining chapters cover regression modeling and design
of experiments.
Data Science for Business and Decision Making covers both statistics and operations research while most competing textbooks focus on one
or the other. As a result, the book more clearly defines the principles of business analytics for those who want to apply quantitative methods
in their work. Its emphasis reflects the importance of regression, optimization and simulation for practitioners of business analytics. Each
chapter uses a didactic format that is followed by exercises and answers. Freely-accessible datasets enable students and professionals to
work with Excel, Stata Statistical Software®, and IBM SPSS Statistics Software®. Combines statistics and operations research modeling to
teach the principles of business analytics Written for students who want to apply statistics, optimization and multivariate modeling to gain
competitive advantages in business Shows how powerful software packages, such as SPSS and Stata, can create graphical and numerical
outputs
This book provides an introduction to the mathematical and algorithmic foundations of data science, including machine learning, highdimensional geometry, and analysis of large networks. Topics include the counterintuitive nature of data in high dimensions, important linear
algebraic techniques such as singular value decomposition, the theory of random walks and Markov chains, the fundamentals of and
important algorithms for machine learning, algorithms and analysis for clustering, probabilistic models for large networks, representation
learning including topic modelling and non-negative matrix factorization, wavelets and compressed sensing. Important probabilistic
techniques are developed including the law of large numbers, tail inequalities, analysis of random projections, generalization guarantees in
machine learning, and moment methods for analysis of phase transitions in large random graphs. Additionally, important structural and
complexity measures are discussed such as matrix norms and VC-dimension. This book is suitable for both undergraduate and graduate
courses in the design and analysis of algorithms for data.
The fully updated Second Edition of Analyzing Qualitative Data: Systematic Approaches by H. Russell Bernard, Amber Wutich, and Gery W.
Ryan presents systematic methods for analyzing qualitative data with clear and easy-to-understand steps. The first half is an overview of the
basics, from choosing a topic to collecting data, and coding to finding themes, while the second half covers different methods of analysis,
including grounded theory, content analysis, analytic induction, semantic network analysis, ethnographic decision modeling, and more. Real
examples drawn from social science and health literature along with carefully crafted, hands-on exercises at the end of each chapter allow
readers to master key techniques and apply them to their own disciplines.
Roxy Peck, Chris Olsen, and Jay Devore's new edition uses real data and attention-grabbing examples to introduce students to the study of
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statistics and data analysis. Traditional in structure yet modern in approach, this text guides students through an intuition-based learning
process that stresses interpretation and communication of statistical information. Simple notation--including frequent substitution of words for
symbols--helps students grasp concepts and cement their comprehension. Hands-on activities and interactive applets allow students to
practice statistics firsthand. INTRODUCTION TO STATISTICS AND DATA ANALYSIS includes updated coverage of most major
technologies, as well as expanded coverage of probability. Important Notice: Media content referenced within the product description or the
product text may not be available in the ebook version.
Social network analysis applications have experienced tremendous advances within the last few years due in part to increasing trends
towards users interacting with each other on the internet. Social networks are organized as graphs, and the data on social networks takes on
the form of massive streams, which are mined for a variety of purposes. Social Network Data Analytics covers an important niche in the social
network analytics field. This edited volume, contributed by prominent researchers in this field, presents a wide selection of topics on social
network data mining such as Structural Properties of Social Networks, Algorithms for Structural Discovery of Social Networks and Content
Analysis in Social Networks. This book is also unique in focussing on the data analytical aspects of social networks in the internet scenario,
rather than the traditional sociology-driven emphasis prevalent in the existing books, which do not focus on the unique data-intensive
characteristics of online social networks. Emphasis is placed on simplifying the content so that students and practitioners benefit from this
book. This book targets advanced level students and researchers concentrating on computer science as a secondary text or reference book.
Data mining, database, information security, electronic commerce and machine learning professionals will find this book a valuable asset, as
well as primary associations such as ACM, IEEE and Management Science.
Roxy Peck, Chris Olsen and Jay Devore's new edition uses real data and attention-grabbing examples to introduce students to the study of
statistics and data analysis. The Third Edition includes coverage of the graphing calculator and includes expanded coverage of probability.
Traditional in structure yet modern in approach, this text guides students through an intuition-based learning process that stresses
interpretation and communication of statistical information. It helps students grasp concepts and cement their comprehension by using simple
notation-frequently substituting words for symbols. Hands-on activities and interactive applets allow students to practice statistics firsthand.
Important Notice: Media content referenced within the product description or the product text may not be available in the ebook version.

There are more than one billion documents on the Web, with the count continually rising at a pace of over one million new
documents per day. As information increases, the motivation and interest in data warehousing and mining research and practice
remains high in organizational interest. The Encyclopedia of Data Warehousing and Mining, Second Edition, offers thorough
exposure to the issues of importance in the rapidly changing field of data warehousing and mining. This essential reference source
informs decision makers, problem solvers, and data mining specialists in business, academia, government, and other settings with
over 300 entries on theories, methodologies, functionalities, and applications.
An all-inclusive reference covering all practical aspects of hydrology. Twenty-nine chapters in four major sections: I. Hydrologic
Cycle; II. Hydrologic Transport; III. Hydrologic Statistics; IV. Hydrologic Technology. 500 illustrations.
Get complete instructions for manipulating, processing, cleaning, and crunching datasets in Python. Updated for Python 3.6, the
second edition of this hands-on guide is packed with practical case studies that show you how to solve a broad set of data analysis
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problems effectively. You’ll learn the latest versions of pandas, NumPy, IPython, and Jupyter in the process. Written by Wes
McKinney, the creator of the Python pandas project, this book is a practical, modern introduction to data science tools in Python.
It’s ideal for analysts new to Python and for Python programmers new to data science and scientific computing. Data files and
related material are available on GitHub. Use the IPython shell and Jupyter notebook for exploratory computing Learn basic and
advanced features in NumPy (Numerical Python) Get started with data analysis tools in the pandas library Use flexible tools to
load, clean, transform, merge, and reshape data Create informative visualizations with matplotlib Apply the pandas groupby facility
to slice, dice, and summarize datasets Analyze and manipulate regular and irregular time series data Learn how to solve realworld data analysis problems with thorough, detailed examples
Covering the general process of data analysis to finding, collecting, organizing, and presenting data, this book offers a complete
introduction to the fundamentals of data analysis. Using real-world case studies as illustrations, it helps readers understand
theories behind and develop techniques for conducting quantitative, qualitative, and mixed methods data analysis. With an easy-tofollow organization and clear, jargon-free language, it helps readers not only become proficient data analysts, but also develop the
critical thinking skills necessary to assess analyses presented by others in both academic research and the popular media. It
includes advice on: - Data analysis frameworks - Validity and credibility of data - Sampling techniques - Data management - The
big data phenomenon - Data visualisation - Effective data communication Whether you are new to data analysis or looking for a
quick-reference guide to key principles of the process, this book will help you uncover nuances, complexities, patterns, and
relationships among all types of data.
An Introduction to Statistical Learning provides an accessible overview of the field of statistical learning, an essential toolset for
making sense of the vast and complex data sets that have emerged in fields ranging from biology to finance to marketing to
astrophysics in the past twenty years. This book presents some of the most important modeling and prediction techniques, along
with relevant applications. Topics include linear regression, classification, resampling methods, shrinkage approaches, tree-based
methods, support vector machines, clustering, and more. Color graphics and real-world examples are used to illustrate the
methods presented. Since the goal of this textbook is to facilitate the use of these statistical learning techniques by practitioners in
science, industry, and other fields, each chapter contains a tutorial on implementing the analyses and methods presented in R, an
extremely popular open source statistical software platform. Two of the authors co-wrote The Elements of Statistical Learning
(Hastie, Tibshirani and Friedman, 2nd edition 2009), a popular reference book for statistics and machine learning researchers. An
Introduction to Statistical Learning covers many of the same topics, but at a level accessible to a much broader audience. This
book is targeted at statisticians and non-statisticians alike who wish to use cutting-edge statistical learning techniques to analyze
their data. The text assumes only a previous course in linear regression and no knowledge of matrix algebra.
The updated edition of this classic text introduces a range of techniques for exploring quantitative data. Beginning with an
emphasis on descriptive statistics and graphical approaches, it moves on in later chapters to simple strategies for examining the
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associations between variables using inferential statistics such as chi squared. The book has been substantially revised to include
the most recent approaches to data analysis, and includes step-by-step instructions on using SPSS. All these techniques are
illustrated with intriguing real examples, drawn from important social research over the past three decades, designed to illuminate
significant sociological and political debates. The book shows how students can use quantitative data to answer various questions:
Is it true that the rich are getting richer and the poor are getting poorer? Are crime rates really going down, and how can we tell?
How much alcohol do men and women really drink in an average week? Which country in Europe has the highest average working
hours? Readers are encouraged to explore data for themselves, and are carefully guided through the opportunities and pitfalls of
using statistical packages, as well as the numerous data sources readily available online. Suitable for those with no previous
experience of quantitative data analysis, the second edition of Exploring Data will be invaluable to students across the social
sciences. Visit the accompanying website at www.politybooks.com/exploringdata for more materials.
Split into six parts, contributors explore ways to integrate Audit Analytics techniques into existing audit programs for the financial
industry. Chapters include topics such as fraud risks in the credit card sector, clustering techniques, fraud and anomaly detection,
and using Audit Analytics to assess risk in the lawsuit and payment processes.
Introduction to Data Science: Data Analysis and Prediction Algorithms with R introduces concepts and skills that can help you tackle realworld data analysis challenges. It covers concepts from probability, statistical inference, linear regression, and machine learning. It also helps
you develop skills such as R programming, data wrangling, data visualization, predictive algorithm building, file organization with UNIX/Linux
shell, version control with Git and GitHub, and reproducible document preparation. This book is a textbook for a first course in data science.
No previous knowledge of R is necessary, although some experience with programming may be helpful. The book is divided into six parts: R,
data visualization, statistics with R, data wrangling, machine learning, and productivity tools. Each part has several chapters meant to be
presented as one lecture. The author uses motivating case studies that realistically mimic a data scientist’s experience. He starts by asking
specific questions and answers these through data analysis so concepts are learned as a means to answering the questions. Examples of
the case studies included are: US murder rates by state, self-reported student heights, trends in world health and economics, the impact of
vaccines on infectious disease rates, the financial crisis of 2007-2008, election forecasting, building a baseball team, image processing of
hand-written digits, and movie recommendation systems. The statistical concepts used to answer the case study questions are only briefly
introduced, so complementing with a probability and statistics textbook is highly recommended for in-depth understanding of these concepts.
If you read and understand the chapters and complete the exercises, you will be prepared to learn the more advanced concepts and skills
needed to become an expert.
A new way of thinking about data science and data ethics that is informed by the ideas of intersectional feminism. Today, data science is a
form of power. It has been used to expose injustice, improve health outcomes, and topple governments. But it has also been used to
discriminate, police, and surveil. This potential for good, on the one hand, and harm, on the other, makes it essential to ask: Data science by
whom? Data science for whom? Data science with whose interests in mind? The narratives around big data and data science are
overwhelmingly white, male, and techno-heroic. In Data Feminism, Catherine D'Ignazio and Lauren Klein present a new way of thinking about
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data science and data ethics—one that is informed by intersectional feminist thought. Illustrating data feminism in action, D'Ignazio and Klein
show how challenges to the male/female binary can help challenge other hierarchical (and empirically wrong) classification systems. They
explain how, for example, an understanding of emotion can expand our ideas about effective data visualization, and how the concept of
invisible labor can expose the significant human efforts required by our automated systems. And they show why the data never, ever “speak
for themselves.” Data Feminism offers strategies for data scientists seeking to learn how feminism can help them work toward justice, and for
feminists who want to focus their efforts on the growing field of data science. But Data Feminism is about much more than gender. It is about
power, about who has it and who doesn't, and about how those differentials of power can be challenged and changed.
A concise introduction to the emerging field of data science, explaining its evolution, relation to machine learning, current uses, data
infrastructure issues, and ethical challenges. The goal of data science is to improve decision making through the analysis of data. Today data
science determines the ads we see online, the books and movies that are recommended to us online, which emails are filtered into our spam
folders, and even how much we pay for health insurance. This volume in the MIT Press Essential Knowledge series offers a concise
introduction to the emerging field of data science, explaining its evolution, current uses, data infrastructure issues, and ethical challenges. It
has never been easier for organizations to gather, store, and process data. Use of data science is driven by the rise of big data and social
media, the development of high-performance computing, and the emergence of such powerful methods for data analysis and modeling as
deep learning. Data science encompasses a set of principles, problem definitions, algorithms, and processes for extracting non-obvious and
useful patterns from large datasets. It is closely related to the fields of data mining and machine learning, but broader in scope. This book
offers a brief history of the field, introduces fundamental data concepts, and describes the stages in a data science project. It considers data
infrastructure and the challenges posed by integrating data from multiple sources, introduces the basics of machine learning, and discusses
how to link machine learning expertise with real-world problems. The book also reviews ethical and legal issues, developments in data
regulation, and computational approaches to preserving privacy. Finally, it considers the future impact of data science and offers principles for
success in data science projects.
Master modern web and network data modeling: both theory and applications. In Web and Network Data Science, a top faculty member of
Northwestern University's prestigious analytics program presents the first fully-integrated treatment of both the business and academic
elements of web and network modeling for predictive analytics. Some books in this field focus either entirely on business issues (e.g., Google
Analytics and SEO); others are strictly academic (covering topics such as sociology, complexity theory, ecology, applied physics, and
economics). This text gives today's managers and students what they really need: integrated coverage of concepts, principles, and theory in
the context of real-world applications. Building on his pioneering Web Analytics course at Northwestern University, Thomas W. Miller covers
usability testing, Web site performance, usage analysis, social media platforms, search engine optimization (SEO), and many other topics. He
balances this practical coverage with accessible and up-to-date introductions to both social network analysis and network science,
demonstrating how these disciplines can be used to solve real business problems.
Ott and Longnecker’s AN INTRODUCTION TO STATISTICAL METHODS AND DATA ANALYSIS, Seventh Edition, provides a broad
overview of statistical methods for advanced undergraduate and graduate students from a variety of disciplines who have little or no prior
course work in statistics. The authors teach students to solve problems encountered in research projects, to make decisions based on data in
general settings both within and beyond the university setting, and to become critical readers of statistical analyses in research papers and
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news reports. The first eleven chapters present material typically covered in an introductory statistics course, as well as case studies and
examples that are often encountered in undergraduate capstone courses. The remaining chapters cover regression modeling and design of
experiments. Important Notice: Media content referenced within the product description or the product text may not be available in the ebook
version.
This easy-to-understand introduction emphasizes the areas of probability theory and statistics that are important in environmental monitoring,
data analysis, research, environmental field surveys, and environmental decision making. It communicates basic statistical theory with very
little abstract mathematical notation, but without omitting important details and assumptions. Topics include Bayes' Theorem, geometric
distribution, computer simulation, histograms and frequency plots, maximum likelihood estimation, the tail exponential method, Bernoulli
processes, Poisson processes, diffusion and dispersion of pollutants, normal distribution, confidence intervals, and stochastic dilution;
gamma, chi-square, and Weibull distributions; and the two- and three-parameter lognormal distributions. The author also presents the
Statistical Theory of Rollback, which allows data analysts and regulatory officials to estimate the effect of different emission control strategies
on environmental quality frequency distributions. Assuming only a basic knowledge of algebra and calculus, Environmental Statistics and
Data Analysis provides an outstanding reference and collection of statistical procedures for analyzing environmental data and making
accurate environmental predictions.
"This book introduces you to R, RStudio, and the tidyverse, a collection of R packages designed to work together to make data science fast,
fluent, and fun. Suitable for readers with no previous programming experience"-This book explores the theory and methods of systems analysis and computer modeling as applied to problems in ecology and natural
resource management. It reflects the problems and conflicts between competing uses of limited space and the need for quantitative
predictors of the outcome of various management strategies.
Key features: Unique in its combination of serving as an introduction to spatial statistics and to modeling agricultural and ecological data
using R Provides exercises in each chapter to facilitate the book's use as a course textbook or for self-study Adds new material on
generalized additive models, point pattern analysis, and new methods of Bayesian analysis of spatial data. Includes a completely revised
chapter on the analysis of spatiotemporal data featuring recently introduced software and methods Updates its coverage of R software
including newly introduced packages Spatial Data Analysis in Ecology and Agriculture Using R, 2nd Edition provides practical instruction on
the use of the R programming language to analyze spatial data arising from research in ecology, agriculture, and environmental science.
Readers have praised the book's practical coverage of spatial statistics, real-world examples, and user-friendly approach in presenting and
explaining R code, aspects maintained in this update. Using data sets from cultivated and uncultivated ecosystems, the book guides the
reader through the analysis of each data set, including setting research objectives, designing the sampling plan, data quality control,
exploratory and confirmatory data analysis, and drawing scientific conclusions. Additional material to accompany the book, on both analyzing
satellite data and on multivariate analysis, can be accessed at https://www.plantsciences.ucdavis.edu/plant/additionaltopics.htm.
Data Analysis in the Cloud introduces and discusses models, methods, techniques, and systems to analyze the large number of digital data
sources available on the Internet using the computing and storage facilities of the cloud. Coverage includes scalable data mining and
knowledge discovery techniques together with cloud computing concepts, models, and systems. Specific sections focus on map-reduce and
NoSQL models. The book also includes techniques for conducting high-performance distributed analysis of large data on clouds. Finally, the
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book examines research trends such as Big Data pervasive computing, data-intensive exascale computing, and massive social network
analysis. Introduces data analysis techniques and cloud computing concepts Describes cloud-based models and systems for Big Data
analytics Provides examples of the state-of-the-art in cloud data analysis Explains how to develop large-scale data mining applications on
clouds Outlines the main research trends in the area of scalable Big Data analysis
Ott and Longnecker's AN INTRODUCTION TO STATISTICAL METHODS AND DATA ANALYSIS, Sixth Edition, provides a broad overview
of statistical methods for advanced undergraduate and graduate students from a variety of disciplines who have little or no prior course work
in statistics. The authors teach students to solve problems encountered in research projects, to make decisions based on data in general
settings both within and beyond the university setting, and to become critical readers of statistical analyses in research papers and in news
reports. The first eleven chapters present material typically covered in an introductory statistics course, as well as case studies and examples
that are often encountered in undergraduate capstone courses. The remaining chapters cover regression modeling and design of
experiments. Important Notice: Media content referenced within the product description or the product text may not be available in the ebook
version.
This thoroughly revised and expanded third edition is a practical guide to data analysis using the bootstrap, cross-validation, and permutation
tests. Only requiring minimal mathematics beyond algebra, it provides a table-free introduction to data analysis utilizing numerous exercises,
practical data sets, and freely available statistical shareware. New to the third edition are additional program listings and screen shots of C++,
CART, Blossom, Box Sampler (an Excel add-in), EViews, MATLAB, R, Resampling Stats, SAS macros, S-Plus, Stata, or StatXact, which
accompany each resampling procedure. A glossary and solutions to selected exercises have also been added. With its accessible style and
intuitive topic development, the book is an excellent basic resource for the power, simplicity, and versatility of resampling methods. It is an
essential resource for statisticians, biostatisticians, statistical consultants, students, and research professionals in the biological, physical, and
social sciences, engineering, and technology.
This book covers several of the statistical concepts and data analytic skills needed to succeed in data-driven life science research. The
authors proceed from relatively basic concepts related to computed p-values to advanced topics related to analyzing highthroughput data.
They include the R code that performs this analysis and connect the lines of code to the statistical and mathematical concepts explained.
For many researchers, Python is a first-class tool mainly because of its libraries for storing, manipulating, and gaining insight from data.
Several resources exist for individual pieces of this data science stack, but only with the Python Data Science Handbook do you get them
all—IPython, NumPy, Pandas, Matplotlib, Scikit-Learn, and other related tools. Working scientists and data crunchers familiar with reading and
writing Python code will find this comprehensive desk reference ideal for tackling day-to-day issues: manipulating, transforming, and cleaning
data; visualizing different types of data; and using data to build statistical or machine learning models. Quite simply, this is the must-have
reference for scientific computing in Python. With this handbook, you’ll learn how to use: IPython and Jupyter: provide computational
environments for data scientists using Python NumPy: includes the ndarray for efficient storage and manipulation of dense data arrays in
Python Pandas: features the DataFrame for efficient storage and manipulation of labeled/columnar data in Python Matplotlib: includes
capabilities for a flexible range of data visualizations in Python Scikit-Learn: for efficient and clean Python implementations of the most
important and established machine learning algorithms
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This text surveys research from the fields of data mining and information visualisation and presents a case for techniques by which
information visualisation can be used to uncover real knowledge hidden away in large databases.
Quantitative Psychological Research: A Student's Handbook is a thoroughly revised and updated version of David Clark-Carter's
extremely successful Doing Quantitative Psychological Research: From Design to Report. This comprehensive handbook verses
the reader in a wide range of statistical tools in order to ensure that quantitative research and the analysis of its findings go beyond
mere description towards sound hypothesis formulation and testing. The entire research process is covered in detail, from
selection of research design through to analysis and presentation of results. Core topics examined include: * variables and the
validity of research designs * summarizing and describing data: numerous practical examples are given of both graphical and
numerical methods * reporting research both verbally and in writing * univarate and bi-varate statistics: multivariate analysis and
meta-analysis also benefit from dedicated chapters. This catch-all reference book will prove invaluable to both undergraduate and
postgraduate students, bringing clarity and reliability to each stage of the quantitative research process.
Reproductive success is a very important objective to ensure the evolution of animal species. In this sense, interesting research
has been carried out to clarify various aspects of reproduction in different animal species. In this way, recent advances in the
knowledge of reproductive biology and biotechnology developed for both males and females have been key to improving efficiency
in different aspects. Thus, advances in the knowledge of sperm handling, oocyte characteristics, different genomic aspects related
to somatic cell nuclear transfer, and the reproductive microarchitecture system in sheep, cows, pigs, and other invertebrates such
as gastropods and fish are presented in this book. Additionally, we also present the most relevant topics of each area, making a
detailed review of the knowledge reported to date.
'Stats Means Business' is an introductory textbook aimed at Business Studies students who require guidance in the area of
statistics. It minimizes technical language, provides clear definition of key terms, and gives emphasis to interpretation rather than
technique. 'Stats Means Business' enables readers to: * appreciate the importance of statistical analysis in business * understand
statistical techniques * develop judgment in the selection of appropriate statistical techniques * interpret the results of statistical
analysis There is an overwhelming need for successful managers to be able to deal competently with numerical information and
this text is developed with this in mind by providing worked examples and review questions which are rooted in viable business
contexts. Each chapter includes guidance on using Excel and Minitab to produce the analysis described and explained in the
chapter. The start of every chapter identifies aims and summarizes content and each is written in an accessible style. Model
solutions are provided for three problems in each chapter and further solutions are available on a web site to accompany the book.
The book is suitable for first year undergraduate courses, MBA Programmes and anyone who needs support and guidance in the
area of statistics.
The aim of this textbook (previously titled SAS for Data Analytics) is to teach the use of SAS for statistical analysis of data for
advanced undergraduate and graduate students in statistics, data science, and disciplines involving analyzing data. The book
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begins with an introduction beyond the basics of SAS, illustrated with non-trivial, real-world, worked examples. It proceeds to SAS
programming and applications, SAS graphics, statistical analysis of regression models, analysis of variance models, analysis of
variance with random and mixed effects models, and then takes the discussion beyond regression and analysis of variance to
conclude. Pedagogically, the authors introduce theory and methodological basis topic by topic, present a problem as an
application, followed by a SAS analysis of the data provided and a discussion of results. The text focuses on applied statistical
problems and methods. Key features include: end of chapter exercises, downloadable SAS code and data sets, and advanced
material suitable for a second course in applied statistics with every method explained using SAS analysis to illustrate a real-world
problem. New to this edition: • Covers SAS v9.2 and incorporates new commands • Uses SAS ODS (output delivery system) for
reproduction of tables and graphics output • Presents new commands needed to produce ODS output • All chapters rewritten for
clarity • New and updated examples throughout • All SAS outputs are new and updated, including graphics • More exercises and
problems • Completely new chapter on analysis of nonlinear and generalized linear models • Completely new appendix Mervyn G.
Marasinghe, PhD, is Associate Professor Emeritus of Statistics at Iowa State University, where he has taught courses in statistical
methods and statistical computing. Kenneth J. Koehler, PhD, is University Professor of Statistics at Iowa State University, where
he teaches courses in statistical methodology at both graduate and undergraduate levels and primarily uses SAS to supplement
his teaching.
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